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Abstract: With increasing usage of pervasive computing and more and more social relations among users on
social websites, it is crucial to guide users to make wise decisions based on their experiences such that they could
adapt to the unfamiliar environments as quickly as possible. This paper presents the design of BetterLife 2.0
framework, which facilitates implementation of large-scale social intelligence applications in cloud environment.
Based on case-based reasoning, this framework makes use of HaDoop File System (HDFS) and HBase to implement
an efficient management and analysis on case-reservoir. By transplanting such a case-based reasoning engine
JCOLIBR?2 as well as its algorithms to CNGrid platform, our system can provide users with real-time query services.
Moreover, the Betterlife2.0 users could submit their query requests at any time and from anywhere through mobile
devices. Experimental results show that such a Cloud-based model could improve the efficiency up to 5 times
compared to traditional solutions, and it can also support millions of user requests to get high scalability.
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B 1: SocialNetworkMapper (key k, Node n)

1.
2
3.
4.
5
6
7

8.
9.

if n.color == GRAY then
for all edge e of Node n do
vnode.distance < H 1i & (e.TolD);
vnode.color < GRAY;
word <« vnode.Id;
i <word, vnode>;
n.color «— BLACK;
end for
end if

10. word « n.Id;
11. Emit < word, n>

B¢k 2: SocialNetworkReducer (Key k, Iterator V)
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distance «— MAX;
color «— WHITE;
edges «— NULL;
for all Node u € V do
if u.edges.size > 0 then
edges « u.edges;
end if
if u.distance < distance then
distance « u.distance; /* {17 fi /)N FH 25 */
end if

. end for

. Noden « #HT A (k)
. n.distance «distance;

. n.edges « edges;
CHH <k, n>;

. if color == GRAY then

reporter.incrCounter(counters. MOREGRAY, 1);

. end if
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CPU

2 x Intel Quad-Core E5540 Xeon CPU, 2.53GHz,
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Memory

16GB DDR3 memory, 1066MHz,
dual ranked UDIMMs

Storage

2 x 250GB 7.2K RPM SATA hard disks.
running in RAID-1

Network Interface

Broadcom 5709 dual-port
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